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A B S T R A C T

This research focuses on travelers’ use of shared experiences during their pretrip decision-making and
their posttrip behavior in sharing their experiences. On the basis of information processing and literature
on experience sharing, we developed hypotheses on how travelers make their purchase decisions on a
smart tourism platform, adopting the experiences shared by others (pretrip), and how the quality of their
travel experience and perceived information discrepancy affected their behavior in sharing their
experience (posttrip). By testing these hypotheses using survey data from 411 Korean users of Airbnb, we
draw conclusions on how firms should manage the flow of travelers’ experience information and design
smart tourism platforms.
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1. Introduction

With the development of information and communication
technologies (ICTs), various tour-related services have emerged
and proliferated, especially in the hospitality industry. These
services include Airbnb, Yelp, Orbitz, and TripAdvisor. The growth
of these businesses changed the way tourists plan their travel,
search for information, and share their experiences [1,2]. Smart
tourism has a direct effect on tourists’ experiences through access
to detailed information and the introduction of social platforms
that permit them to interact with each other. Thus, smart tourism
develops a “new social system” [3] in which users share
information, read reviews on tourist attractions and hotels, and
participate in interactive travel forums [4].

A theoretical framework is necessary to explain more con-
structively the process of tourists’ decision-making during their
trip planning and their decisions to share their experiences
afterward, both of which are a part of a smart tourism ecosystem
(STE). A number of researchers have examined the demographics,
motivations, and new media involved in travelers’ use of travel
websites [5–7]. However, in the context of smart tourism, most
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investigators have focused on case studies [8,7]. Thus, there is a
need to empirically explore in a smart tourism platform how
travelers adopt others’ experiences and what factors influence
their decisions to share their own experiences later.

This research focuses on travelers’ use of shared experiences
during their pretrip decision-making and their posttrip behavior in
sharing their experiences. By integrating literature on experience
sharing from marketing and service operations research and using
information-processing theory as an overarching framework, we
develop a theoretical framework on how a smart tourism platform
and travelers interact over the course of their experience as
tourists. Our findings make managerial contributions by suggest-
ing how in the pretrip phase tourists use information uploaded by
others to form their expectations and make their purchasing
decisions in anticipation of their travel and destinations. Moreover,
determining how travelers evaluate their experience during a trip
and decide to share their experiences afterward enhances our
understanding of how firms should design their interactive
platform in smart tourism. On the basis of our results, we suggest
design implications for smart tourism platforms toward the end of
this paper.

The following were the research questions for this study: What
factors influence traveler’s adoption of shared experiences in smart
tourism and determine their purchase intentions? How do
discrepancies between expectations and actual experience
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influence proactive sharing of experiences? Our research is
composed of two parts. The first part focuses on the anticipatory
phase of travel and examines how social distance and breadth of
review affects the decision-making of tourists using a smart
tourism platform. The second part concerns a reflective phase in
which travelers recall and assess their travel experiences and
decide whether to share them. Users of smart tourism platforms
search for information, make purchasing decisions about tours,
experience the tours, and decide whether to share their
experiences. This stream of activities can be explained by
information-processing theory, namely that users constantly seek
experience information to reduce the uncertainties of trips and
make decisions about sharing their experience information to
inform others who are engaged in making similar decisions [9].

This research uses 411 users of Airbnb in South Korea to explore
travelers’ experience of the information flow on a smart tourism
platform. We conducted an experiment to test the first model by
focusing on the effects of social distance and review breadth on
purchase decisions. Six experimental conditions were developed
as scenarios following a 3 � 2 factorial design to explore the effect
of social distance and review breadth. A survey was used to
examine the second model by asking respondents to reflect on
their recent travel experiences; their responses were used to
investigate their propensities to share their experiences.

The paper is organized as follows: first, we review the
theoretical and empirical literature on the sharing of experiences
in smart tourism and the flow of experience information in terms
of tourists’ experiences. In the next section, we develop hypotheses
based on this review of the relevant literature. We then describe
the research context and introduce our data set and analytical
methods. The results of the study come next, along with a
discussion of our findings and their implication. We conclude the
paper with discussions of the contributions of our research, its
limitations, and our suggestions for future research.

2. Theoretical framework

2.1. Smart tourism platform using an information-processing
perspective

Information-processing theory mainly describes how people
solve problems [10,11]. On a smart tourism platform, tourists are
the main problem solvers who attempt to seek optimal trip
solutions such as reasonably priced hotels and restaurants. To
gather the information necessary for their decisions, users refer to
other people’s feedback comments on tourism platforms. Howev-
er, because of the multiplicity of random experiences on tourism
platforms, users cannot easily find the information relevant to their
needs. This is because of the uncertainty and equivocality they
encounter [9]. Uncertainty means a lack of information that is both
relevant and important to the solution of their problem [12]. Thus,
uncertainty decreases when more information is available.
Equivocality represents ambiguity. In other words, when there is
conflicting information, users become confused about which
information to trust [13,14]. Equivocality decreases when decision
makers can discern which information to trust and adopt. If
tourism platforms were designed to reduce these two factors,
uncertainty and equivocality, then they could help users make
better decisions about their trips.

When users are highly uncertain about where to stay or what to
eat during a trip, the requirements for information processing
increase accordingly [15]. Previous studies explore the mecha-
nisms for reducing discrepancies between information require-
ments and information capacities [16,17]. In the specific context of
tourism, recent studies such as by Ho et al. [18] suggested a
conceptual framework of Web users’ tourism information. In this
framework, users constantly search for information to aid their
decision-making. Papathanassis and Knolle [19] also suggested
that users utilize various sources of information including reviews
of the users in tour-related decision-making. Boyd and Bahn [20],
on the basis of the information-processing perspective, also regard
the users as information-searching entity to achieve decision-
making certainty and cognitive simulation. In brief, they suggest
two ways to reduce the imbalance. One is by providing guidelines.
The other is by increasing the role of a central actor (manager). This
central actor would assist decision-making by reducing over-
lapping decision points and clarifying the origin of information.
Similarly, a close social distance between an information provider
and a recipient (problem solver) would reduce equivocality
because a problem solver then considers the information as
trustworthy in assisting the decision-making process. Moreover,
just as the guidelines do, breadth of information decreases
uncertainty by reducing the need to communicate.

However, the extant literature in information-processing
theory largely focuses on the mechanism to enhance informa-
tion-processing capability and decision-making performance
within the organization. Tushman and Nadler [21] regard
organizations as information-processing systems and suggest that
task characteristics would affect the organizational design. Daft
and Lengel [10] also focus on managerial behavior in managing the
information-processing procedure to reduce uncertainty. Although
Song et al. (2005) [22] explore the role of lead user and supplier
networks as the mechanisms for increasing the capacity for
information processing, their role remains supplementary. In this
research, we attempt to use information-processing theory to
show how users—who typically reside outside the organization—
and smart tourism platforms (organization) can interact in a way
that increases users’ information-processing capabilities. We also
suggest how smart tourism platforms can facilitate users’ decision-
making by decreasing uncertainty and equivocality through proper
interactive design of the platform.

In addition, users decide whether to share their travel
experiences on smart tourism platforms to reduce others’
uncertainty and equivocality. From the perspective of informa-
tion-processing theory, users’ behavior in sharing their experi-
ences works as an important mechanism to facilitate information
processing in a STE (Smart Tourism Ecosystem). Thus, we explore
what factors in a smart tourism platform would increase their
sharing propensities. This effort contributes to the extant literature
of information processing by suggesting iterative processes to
enhance the problem-solving capabilities of users on a smart
tourism platform.

2.2. Smart tourism and electronic word-of-mouth

Electronic word-of-mouth (eWOM) has grown with the
development of new media channels and Web 2.0 tools such as
consumer review sites and social network platforms in which
customers share their experiences and exchange product informa-
tion [23]. The extant literature on investigations into the effect of
eWOM can be classified into two streams: market-level analysis
and individual-level analysis. Market-level analysis focuses on
parameters such as product sales, whereas individual-level
analysis regards the eWOM effect as a personal influence [24].
Our research deals with both levels of analysis by inspecting how
shared experiences influence adoption by an individual actor and
how tourists form their purchase intentions after travel. Cheung
and Thadani [24] also introduced an integrative framework, based
on a stimuli-response framework, of the impact of eWOM
communication. According to their research, argument quality,
valence, sidedness, and volume work as stimuli to form responses
leading to adoption and purchase of a product. In the tourism
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context, Ladhari and Michaud [25] contend that comments on the
Facebook network influence hotel reservation intentions, atti-
tudes, trust, and perceived quality of the hotel website. Lee et al.
[26] suggest that strong identification strengthens customers’
sharing intentions in online travel communities. However, the
research on the effect of eWOM is fragmented, and an integrated
framework is necessary to explain how the flow of experience
information and tourists’ decision-making interact with each
other.

In a smart tourism context, we also attempt to integrate the
prior findings of the effect of eWOM within the framework of
information-processing theory. Prior studies in eWOM have
theoretical backgrounds on the interpersonal theory [27–29],
attribution theory [30,31], cognitive fit theory [32], impression
formation [33], social ties [34], and source credibility literature
[31,35]. By introducing information-processing arguments, we
contribute to the richness of the theoretical foundations of eWOM
studies. In addition, we introduce the impact of social distance and
breadth of shared experience as factors leading to the adoption of
shared experience. As smart tourism forms a new social system
based on the development of information and communication
technologies [3], the social distance based on the social service
network (SNS) should be taken into account. In particular, we
considered not only direct connections but also indirect con-
nections on the basis of mutual friends to discern the magnitude of
the impact of social distance.

2.3. Tourists’ experience sharing in smart tourism

Smart tourism evolved from e-tourism and has been recently
studied because of the rise of technologies based on sensors, big
data, open data, and information exchanges [36]. In smart tourism,
technology enables people to freely access a huge set of data and
share their experiences, thus changing the way people interact
with each other [37]. For instance, Yelp, Airbnb, Orbitz, and
TripAdvisor have platforms that allow travelers to search for
others’ specific travel and destination experiences and allow these
same prospective travelers to later share their own experiences.
Moreover, most of these platforms integrate travelers’ social
network data based on a social network service (e.g., Facebook) to
deliver personalized recommendations.
Fig. 1. The flow of experience informat
Users’ participation in sharing travel experiences is a core
component within the STE [38] in which user–user interaction is at
the forefront in accelerating the sharing of tourism experiences
[37]. Thus, the STE capitalizes on extensive and intensive
information sharing and co-creation of values by tourism
consumers [39]. We suggest “experience sharing” as a core value
in the context of smart tourism because travelers are important
sources of information and also users who take advantage of the
information that promotes the development of the STE. In the
marketing and service operations literature, customers’ shared
experiences are viewed as a value creation through cocreation
[40,41]. That is, customers receive value through personalized
experience by engagement and involvement in the process of
consuming services [42].

From the perspective of sharing experiences of tours, Xiang and
Gretzel [43] determined that social media is a major information
source during the pretrip phase. To expand this research, it is
important to explore how information about actual experiences
affects tourists’ decisions about various elements of their travel
and choice of destinations. With the development of services such
as Airbnb, travelers have access to a huge amount of information
that not only is shared by their closest friends but also originated
from strangers. Thus, it is necessary to figure out how in the pretrip
phase tourists use information uploaded by others to form
expectations for their travel. Moreover, learning how travelers
arrive at their evaluations of their travel experience during their
trip and reach their decisions on whether to share their
experiences later would enhance our understanding of the way
firms should design their interactive platforms in smart tourism.

2.4. The flow of information in tourists’ experiences

The tourist experience is composed of three phases: anticipa-
tory, experiential, and reflective [6]. According to these three
phases, tourists manage their planning, search for information, and
make decisions [44]. In the anticipatory phase, tourists recall their
previous travel experience and assess their projected travel within
this context. The search for travel information begins in this phase
and continues throughout their travel. In the experiential phase,
tourists implement their plans and adjust them to the circum-
stances they encounter. During this process, tourists purchase
travel products such as hotel, flight, and restaurant reservations
ion and travelers’ decision-making.
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and execute their travel plan. Finally, in the reflective phase,
tourists evaluate their completed trip and lessons they learned in
the anticipation of their next trip.

In smart tourism, tourism services should be designed to
accommodate tourists in the sequence suggested above. Gretzel
et al. [36] discussed the role of firms in enhancing tourists’
satisfaction in terms of smart tourism. Awareness of the
anticipatory phase should motivate firms to anticipate users’
needs and recommend personalized travel sites or services. For
instance, Yelp provides location-based recommendations to users
based on the ZIP code listed by users. During a trip, firms can
enhance tourists’ experiences and create value by providing
location-based, personalized information and interactive services
[36]. Firms use beacons to enhance in-store or on-site experiences
by providing coupons or adequate information that seem to attract
tourists. Finally, firms should recognize the importance of the
reflective phase by making it easy for tourists to share their
experiences so that others can use the information in making their
travel plans.

According to the process of tourists’ experience by Tussyadiah
and Fesenmaier [6], we present a flow chart of tourists’ decision-
making as it is affected by how firms shape the flow of information
(Fig. 1). In the pretrip phase (anticipatory phase), users search for
review information as the bases for their decisions on travel
destinations and purchases. We suggest social distance from users,
breadth of shared experience, and the valence of shared experience
as important factors when users evaluate the information they
encounter. After tourists make their decisions, they continuously
compare what they are experiencing to the reported experience
they earlier searched out. Depending on whether there is any
discrepancy between the earlier shared experience they found and
their actual experiences, tourists will decide whether to share their
own experience information on a platform. Moreover, the quality
of the experience itself will affect this decision. In the posttrip
phase (reflective phase), users will first decide whether to share
their experiences. Then, they may choose with whom they will
share their experience. They may share their experience only with
close friends or they may share it with the public through the
platform that was the source of their earlier information. Finally, if
they want to share, they will need to choose a medium. Some
people upload only photos, but others write about their
experiences along with photos.

Among the different phases of travel experiences, information
exchanges occur in the pretrip and posttrip phases [6]. In the
pretrip phase, travelers search for information to guide their
purchases. For instance, Airbnb users review other traveler’s
comments and evaluations of accommodations. Moreover, they
interact with the host to get more specific information. In the
posttrip phase, travelers share their experiences through websites
Table 1
Major firms’ management of experience sharing.

Anticipatory phase 

Social distance Review
breadth

Valence 

TripAd
visor

Show friends’ comments and
activities.
Show friends’ comments first

Text, image 5 stars 

Yelp Show friends’ comments
Send private messages to the
specific user

Text, image 5 stars 

Airbnb Send message to the host
Show comments
chronologically

Text 5 stars 

Orbitz Show comments anonymously Text 5 stars (overall, categorical
rating of trip advisor
or mobile application. Airbnb recommends that its users leave
comments and evaluations and reminds them to do so by sending
them push messages. Thus, these shared experiences become an
important source of information for future users who are at the
starting point of the travel experience cycle. As mentioned before,
users who share their experiences are the most important factor
facilitating the growth of the STE through their freely sharing and
creating travel information [40]. From the perspective of experi-
ence sharing, we analyzed how the major players in the STE
manage experience information by users (Table 1). All four firms
provide a platform for communication so that users can share their
travel experiences. However, the way they shared experiences are
demonstrated, and the medium of sharing travel experiences
differs among firms. It is necessary to figure out the most effective
way to promote tourists’ sharing of their experiences to enhance
decision-making by tourists.

3. Research model and hypotheses

This research comprises two parts. The first model describes
decision-making by travelers based on shared experiences on a
smart tourism platform such as Airbnb. The second model
investigates how travelers make decisions on sharing their own
experiences after travel. We created these two separate models to
determine how travelers evaluate and use shared experiences and
how a social community on a smart tourism platform grows in
terms of the number of reviews. By investigating Model 1 and
Model 2 simultaneously, we attempt to show the linear flow of
experience information from a user’s perspective. These two
models are connected because the very behavior of sharing their
travel experience is the result of an actual trip that was made using
the other’s experience information. Because the focus of this study
is the sharing behavior of experience-related information on smart
tourism platforms, both the response to shared experience in
pretrip stage and sharing experience in posttrip stage are relevant
in this study.

3.1. Model 1-decision-making based on shared experiences

Model 1 focuses on the anticipatory phase of travelers in which
they search for and collect information based on experiences
shared on a smart tourism platform. Experiences shared by other
travelers exert a great influence on consumer behavior because
consumers perceive them as more reliable than descriptions
provided by firms [45,46]. For travelers to decide to make
purchases, they should perceive experiences shared by other
users as trustworthy and accept the information contained in their
reviews. Thus, we suggest a research model as follows (Fig. 2).
Reflective phase

Share/No share Target Media

Provide community for
sharing reviews

Public Text,
image

Provide community for
sharing reviews

Public,
friends

Text,
image

Provide community for
sharing reviews

Public Text

); recommendation%, Provide community for
sharing reviews

Public Text



Fig. 2. Traveler’s decision-making based on shared experiences.
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In the process of making a purchase decision, travelers
encounter diverse sources of experience information. According
to Andreasen [47], there are four types of information sources:
impersonal advocate (e.g., mass media), impersonal independent
(e.g., consumer reports), personal advocate (e.g., sales clerks), and
personal independent (e.g., friends). In the smart tourism context,
travelers are mostly exposed to shared experiences from friends or
from other travelers who usually leave reviews with personalized
information. Research on sources of information alleges that
personal or impersonal information sources influence decision-
making of consumers depending on the sources’ expertise and
similarity to the seeker [48]. According to social identity theory
[49], a similarity perceived by a user would increase trust by
decreasing uncertainty [50,51]. Price and Feick [52] suggested that
similarity between users will facilitate the flow of information
because of a perceived ease of communication. Travelers who read
shared experiences from similar users would find them more
related and trustworthy [53]. Lo and Lie [54] argued that when
there is trust in a relationship, the communicator is more likely to
tolerate with less information richness. This is because trust
derived from close social distance lowers the perceived level of
risk, making people believe that there will be less possibility of loss
in the interaction [55,56]. Therefore, close social distance will
reduce the equivocality that users face when they try to discern
shared information on a smart tourism platform. Thus, we can
hypothesize that the social distance between a user (information
seeker) and a personal reviewer would influence the credibility of a
shared experience.

H1. Social distance between a user and a reviewer would
influence the credibility of shared experience on a smart
tourism platform.

How shared experiences are represented is also an influential
factor in how travelers make their decisions. Travelers who share
their experiences can convey travel information in more detail by
providing detailed information that goes beyond accommodation
itself. The breadth of shared experiences plays a vital role in the
decisions travelers make. For instance, Airbnb users are expected
to leave comments related to a specific topic, for example, housing.
However, they can leave reviews regarding nearby restaurants or
directions to the airport that increase the breadth of a review.
Review breadth is beneficial because travelers gain information
without additional search costs [57]. With more information from
other travelers, travelers gain confidence in their decisions [58].
Moreover, broad information sharing on a smart tourism platform
will reduce the uncertainty of users by providing more detailed
descriptions so that travelers can imagine travel sites easier.
Therefore, we can hypothesize that the breadth of shared
experience would influence the perceived usefulness of shared
experiences on a smart tourism platform.

H2. The breadth of shared experience would influence the
perceived usefulness of shared experiences on a smart tourism
platform.
For travelers to accept an experience shared on a smart tourism
platform, they should trust it and regard it as a reference point for
their decisions. Adoption of experiences shared by travelers is an
important starting point because as travelers accept the informa-
tion, they form a positive attitude toward travel destinations or
accommodations. According to Harrison-Walker [59], acceptance
of word-of-mouth (WoM) generates a positive attitude and
increases the purchasing propensity of customers. The rate of
acceptance of shared experiences differs according to the degree of
trust receivers have toward the source of information. This is
because in the face of uncertainty during the planning phase of
travel, customers tend to rely on the trustworthiness of the
information shared by others.

Credibility has a direct positive relationship with the adoption
of shared experiences [27]. Credibility refers to the extent to which
customers regard shared information as believable, true, or factual
[60,61]. Customers who perceive an online shared experiences as
credible have more confidence in accepting the information [60].
Thus, when customers consider the shared experiences are
trustworthy, they are more likely to use them as references in
making purchase decisions because of lessened equivocality [9].
Conversely, if shared experiences are not considered trustworthy,
customers become risk-averse, avoiding the potential risk that may
follow if they adopt and act on the information. Therefore, as
travelers’ perceived trust toward shared experiences increases,
they are more likely to accept the information shared through a
smart tourism platform.

H3. Credibility of shared experience is positively associated with
the adoption of shared experiences on a smart tourism platform.

Perceived usefulness of a shared experience also plays a pivotal
role in customers’ adoption of shared experiences on a smart
tourism platform. When there is perceived usefulness, users
expect a positive use–performance relationship [62]. In the smart
tourism context, based on our prior argument, the breadth of
shared experiences leads to increased information usefulness. The
breadth of shared experiences decreases the uncertainty that users
encounter. With decreased uncertainty, users can enhance their
problem solving in making reservations for a stay with reduced
unpredictability [10]. Thus, information usefulness perceived by
users facilitates the adoption of shared experience. Several
empirical works reveal the direct relationship between perceived
usefulness and users’ adoption. Sussman and Siegal [63] showed
that perceived usefulness has a mediating role between influence
processes and information adoption. Schultz and Slevin [64] also
understood the positive impact of “perceived effect of the model”
on the adoption of a decision model. According to Davis [62],
people’s perceived usefulness does not necessarily reflect the
objectivity of usefulness. In contrast, it is based on their subjective
appraisal, which influences their adoption [62]. Thus, as long as
travelers perceive shared information useful, their intention to
adopt the information will increase. Although the equivocality of
information provided by other users is reduced by the increased
credibility of information from the closeness of a social
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relationship, uncertainty about the experience information can be
reduced by the usefulness of information delivered through the
increased breadth of the shared experience. With less uncertainty
and equivocality attached to the information, users of a smart
tourism platform would more willingly adopt the experiences
shared by others.

H4. Information usefulness is positively associated with
adoption of shared experiences on a smart tourism platform.

Experiences shared online can be considered as a type of social
influence that affects the purchase decisions of customers. As
useful external sources, shared experiences on a smart tourism
platform enhance customers’ purchase decisions in a way similar
to the role of social influence theory [24]. Thus, customers who
adopt shared information will make purchase decisions easily.

Adoption of a shared experience has a strong effect on a
traveler’s purchasing intentions. Propensity to adopt differs
depending on the review valence (positive or negative). If a review
contains positive statements, tourists are more willing to make
purchases. Mayzlin and Chevalier [65] analyzed online reviews of
books from Amazon and from Barnes & Nobles and found that
positive online review resulted in the growth of sales. Similarly,
Vermeulen and Seegers [66] argued that an exposure to positive
reviews will increase tourists’ consideration of purchasing by
making them to form a positive attitude. On the other hand, when
travelers are exposed to negative reviews, their willingness to
make purchases diminishes. Basuroy et al. [67] found that both
positive and negative reviews affect weekly box office revenues,
but the impact of negative reviews diminishes over time, whereas
the effect of positive reviews continues. In the short run, negative
reviews have more influence on customers’ purchase decisions, but
then their influence is of short duration [67]. This means that in the
short term, negative reviews have a greater effect on the perceived
trust of customers, but positive reviews have more long-term
impact. Thus, both positive and negative reviews will affect the
relationship between adoption of shared experiences and purchase
intentions.

H5. Adoption of shared experiences would influence purchase
intention on a smart tourism platform.

3.2. Model 2-decision-making on sharing experiences

Model 2 describes how travelers shared their travel experiences
proactively after their travels. We suggest two antecedents of
travelers’ intention to share their experiences that would help
reduce the equivocality and uncertainty that other users confront.
These are information discrepancy and the quality of actual
experience (Fig. 3).

Consumers go through four-phases of learning, starting with
hypothesis generation based on prior beliefs framed by
Fig. 3. Travelers’ decision-making on sharing experiences.
information they researched [68]. This linear process is hypothesis
generation ! exposure to evidence ! encoding of evidence ! in-
tegration of evidence and prior beliefs. When customers actually
experience a product or service, a case of information discrepancy
occurs depending on the hypotheses or expectations established
earlier. This information discrepancy can be either positive or
negative but in either case, the gap between the expectation and
actual experience matters when it comes to sharing experiences on
a smart tourism platform.

According to the homeostasis utility perspective of WoM
communication [69], customers seek balance after they make
purchases and experience positive or negative feelings. After a
positive purchasing experience, customers are willing to express
their positive reactions [70]. By sharing their positive experiences,
customers can ease their eagerness to express their joy, resulting in
reduced tension [71]. However, when customers have a negative
purchasing experience, they seek an outlet to express their
anxieties [70]. By sharing negative experiences, customers can
relieve their dissatisfaction by feeling a sort of catharsis [72,73].
Thus, to achieve a balance in their minds, travelers share their
positive or negative experiences when a discrepancy occurs.

H6. As discrepancy of information increases, travelers would
share their experiences on a smart tourism platform.

Experience sharing represents customers’ loyalty or satisfaction
[74]. This is related to the relationship between customers’
perceived value and their satisfaction and their behavioral
intentions [75]. Loyal customers who perceive great value from
using products or services are more likely to recommend them to
others such as their relatives, friends, or even strangers by
spreading WoM [76]. In the tourism context, when tourists are
satisfied with a travel destination, they become loyal by
recommending it to others [77]. Chen and Chen [78] suggested
direct relationships between satisfaction, experience quality, and
positive behavioral intentions, which are partially supported. Thus,
in this research, travelers who perceived their actual experience as
high quality would proactively share their experiences.

However, when actual experience is disappointing, travelers
share the negative information on a smart tourism platform.
Among the motives for WoM communication behavior that Engel
et al. [79] presented, concern for others is highly ranked. Users
genuinely want to help their friends or other people to make a
better purchase decision [79] by sharing their experience.
Similarly, Sundaram et al. [70] suggested altruism as a major
motivation, which describes users’ desire to keep others from
making the same mistake. Moreover, users tend to share their
experiences to mainly reduce their anxieties and retaliate against
the service provider [70]. In conclusion, when a quality that
travelers experience deviates from a neutral state (either positively
or negatively), travelers will share their experiences on a smart
tourism platform.

H7. As the quality of actual experience deviates from the neutral,
travelers would share their experiences on a smart tourism
platform.

4. Methodology

We conducted an experiment to empirically test research
Model 1, which focused on the effects of social distance and review
breadth on the anticipatory phase of travelers. The experiment
allowed close control over independent, dependent, and possibly
confounding variables to achieve a high degree of internal validity.
A survey was used to examine research Model 2, which describes
how travelers share their travel experience after their trip.
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4.1. Participants

A professional survey company implemented the experimental
process and the survey. Participants were recruited from ordinary
people (not students) to enhance external validity. Subjects were
drafted from the panel who met the following prerequisites: they
must have travel experience; they must have a habit of examining
other travelers’ comments and evaluations of accommodations in
the pretrip phase; they must have reservation experience through
the Airbnb site; and they must have active Facebook accounts.
Participation was voluntary, and all the participants received a
five-dollar gift certificate for the purpose of increasing their
motivation and involvement. Subjects were notified that they had
to complete both the experiment and the survey to receive the gift
certificate. After the experiment process was completed, survey
data were collected, and a total of 411 subjects participated.

4.2. Experiment design for research Model 1

A 3 � 2 factorial design with two between-subject factors was
used. The social distance factor had three levels (stranger, indirect
friend, and direct friend), and the breadth of review factor had two
levels (narrow and broad). Subjects were assigned randomly to six
experimental groups (see Table 1). The average age of participants
was 36.84 years, and 48% were male. In examining the
homogeneity across the six groups, a Chi-square analysis revealed

no significant differences in gender (X2 = 0.006, p = 0.940). A one-
way ANOVA assessment further ensured that no significant
differences emerged between the groups in terms of age
(F = 0.177, p = 0.971), propensity to trust (F = 0.350, p = 0.883), and
product involvement (i.e., accommodations) (F = 0.234, p = 0.948).

We developed scenarios regarding travel experiences to
represent one of the six experimental conditions. Subjects were
asked to submit the name of a close friend on Facebook and also
asked how often they visited their friend’s timeline and how often
they met in offline spaces. They were also required to imagine their
next travel and provide information about where they expected to
go, how long they expected to stay, and their expected budget.
Subjects could imagine a more realistic situation with this
anchoring of thought. To manipulate the breadth of review, two
accommodation reviews were prepared. The broad review
included not only lodging information but also information on
transportation and nearby restaurants and shops. The narrow
review had only lodging information. Social distance was
manipulated by providing the name of a friend, the name of a
friend’s friend or the name of a stranger as the writer of the
accommodation review. For example, their friend’s name, which
they provided at the beginning, actually appeared on the screen
with the review for the direct friend group. Each scenario had two
Table 2
Descriptive statistics.

Treatment Social Distance 

Measurement Stranger Indirect friend 

Number of subjects 138 134 

Credibility of reviews 4.39
(1.09)

5.31
(1.07)

Information usefulness 4.69
(1.16)

5.21
(1.13)

Adoption of reviews 4.57
(1.25)

5.30
(1.13)

Purchase intentions 4.08
(1.45)

4.35
(1.85)
versions, and half of the subjects, regardless of groups, received
reviews with a positive tone and the other half got reviews that
were negative in tone. The differing effects of adoption of
negatively and positively toned reviews on purchasing intention
in research Model 1 were tested in Section 5.

To test research Model 1, four dependent variables were
measured. Credibility of reviews is a measure of a user’s belief that
the review is believable, true and reliable, and was measured using
three items from Pavlou and Dimoka [80]. Information usefulness
measured a user’s perception of the received information as
valuable, thus enhancing their job performance. It was measured
by three items borrowed from Sussman and Siegal [63]. Adoption
of reviews, a process in which users purposefully engage in using
review information [24], was measured by three items adopted
from previous studies. Finally, users’ purchase intentions were
measured, using four items borrowed from earlier studies, to
determine the likelihood that they would purchase the product
[81].

As control variables, we measured participants’ propensity to
trust by using four items from Koufaris and Hampton-Sosa [82] and
involvement by using three items from Suh et al. [83]. All
dependent and control variables were measured using semantic
differentials and seven-point Likert scales. These variables were
operationalized using reflective items. Reflective items repre-
sented the effects of the construct under study, and each item
reflected this construct [84]. Because each item reflected the same
construct, the items should be correlated to each other, and they
should exhibit adequate internal consistency. Appendix A lists all
the measurements of this study.

4.3. Survey for research Model 2

Several hours after finishing the experiment, the same subjects
participated in the survey. They were asked to fill out a
demographic and travel experience questionnaire. Perceived
information discrepancy was measured on salient attributes of
accommodation services. Salient attributes are the most promi-
nent and important attributes when consumers decide to buy
products or services [85]. Through a review of lodging selection
literature, we elicited five salient attributes of accommodation
services—location, safety, services/staff, facility condition, and
room cleanliness. Then the discrepancy was measured by the
questions on these salient attributes borrowed from Suh and
Chang [86]. The quality of actual experience of accommodations
was measured by six items adopted from Kim Lian Chan and Baum
[87]. The way subjects shared their travel experiences proactively
after the trip was classified into three categories, namely sharing
with close acquaintances, sharing through a SNS, and sharing
through a travel app such as Airbnb and TripAdvisor, in passive to
Review Breadth

Direct friend Narrow Broad

139 204 207
5.17
(1.07)

4.81
(1.22)

5.11
(1.06)

5.07
(1.09)

4.73
(1.21)

5.25
(1.02)

5.07
(1.23)

4.79
(1.31)

5.16
(1.14)

4.04
(1.76)

4.07
(1.57)

4.23
(1.81)



Table 3
Interconstruct correlations: consistency, reliability, and discriminant validity tests.

Composite
Reliability

AVEa SD RB CR IU AR PI

SD 1.000 1.000 1.00
RB 1.000 1.000 0.003 1.000
CR 0.967 0.908 0.281 0.131 0.953
IU 0.960 0.888 0.136 0.229 0.799 0.942
AR 0.957 0.881 0.165 0.152 0.658 0.715 0.938
PI 0.987 0.951 �0.009 0.046 0.287 0.287 0.139 0.975

SD: Social Distance, RB: Review Breadth, CR: Credibility of Reviews, IU: Information
Usefulness, AR: Adoption of Reviews, PI: Purchase Intention.

a Average Variance Extracted.

Table 4
Loadings and cross loadings of constructs.

SD RB CR IU AR PI

SD 1.000 0.003 0.281 0.136 0.165 �0.009
RB 0.003 1.000 0.131 0.229 0.152 0.046
CR1 0.231 0.137 0.944 0.744 0.601 0.278
CR2 0.284 0.143 0.964 0.775 0.635 0.273
CR3 0.284 0.095 0.951 0.763 0.643 0.270
IU1 0.100 0.229 0.728 0.926 0.645 0.279
IU2 0.119 0.180 0.763 0.952 0.680 0.263
IU3 0.163 0.238 0.766 0.949 0.695 0.271
AR1 0.150 0.136 0.655 0.707 0.922 0.206
AR2 0.169 0.141 0.594 0.637 0.949 0.079
AR3 0.145 0.151 0.598 0.662 0.944 0.096
PI1 �0.024 0.07 0.298 0.299 0.145 0.969
PI2 �0.030 0.043 0.254 0.270 0.128 0.978
PI3 �0.005 0.035 0.284 0.278 0.131 0.981
PI4 0.025 0.03 0.280 0.272 0.136 0.974
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aggressive order. Survey questionnaires are provided in
Appendix A.

5. Results

5.1. Results for Model 1

The statistical analysis techniques applied to interpret data
from the experiment were a structural equation model (SEM) using
partial least squares (PLS) for hypotheses. To test our research
model, we used a PLS-SEM, as implemented in SmartPLS version
3.2.3. and ANOVA analysis using SPSS for Windows 21.0. The results
of the tests of the measurement models and the structural models
from the PLS results are introduced below, followed by the results
of ANOVA analysis. Table 2 summarizes the descriptive statistics.

As a check for manipulation, participants were asked about
their perceptions of social distance and review breadth. In
examining homogeneity across each treatment group, Chi-square
analysis revealed significant differences in three social distance
groups (X2 = 163.5, p = 0.000) and two review breadth groups
(X2 = 224.2, p = 0.000). Close examination of each group revealed
that the manipulations seem to be satisfactory except in the
indirect friend group. The majority of the subjects in this group
perceived an indirect Facebook friend (i.e., someone they did not
know directly but was a friend of their friends) as a direct Facebook
friend. This phenomenon might happen because the concept of
SNS friends differed from that of real world friends. In a virtual
world, people may perceive a friend of friends as their friend too.
This is another interesting topic for future research. Thus, we ran
two versions of statistical analysis, one for all the subjects assigned
as in Table 1 and another for a smaller sample in which subjects
with incorrect perception were removed. Both showed the same
Fig. 4. Results of the 
results for the hypotheses tests, so we report it here with full
subjects.

5.1.1. Test of the measurement model
The social distance variable was dummy coded with Stranger as

“1,” Indirect friend as “2,” and Direct friend as “3” and the review
breadth variable was dummy coded with Narrow “1” and Broad “2”
for the PLS analysis. Convergent validity was assessed by (1)
reliability of items, (2) composite reliability of constructs, and (3)
average variance extracted (AVE) [88,89]. The test of the
measurement model for reflective constructs included individual
item reliability, internal consistency, and discriminant validity.

In assessing internal consistency (reliability), composite
reliability scores for every construct were well above 0.70, which
is the suggested benchmark for acceptable reliability [88,90]. AVE
measures the amount of variance that a construct captures from its
indicators relative to the amount because of measurement error
[91]. It should exceed 0.50 [89]. Table 3 shows that the AVE score
for every construct satisfied this recommended minimum.
Comparisons of the square root of the AVE (bold figures on the
diagonal) with the correlations among the constructs indicated
that each construct related more closely to its own measures than
to those of other constructs; therefore, discriminant validity was
supported [91]. An examination of cross-factor loadings, as shown
in Table 4, also indicated good discriminant validity because the
loading of each measurement item on its assigned latent variables
exceeded its loading on any other constructs [91–93].
structural model.



Table 5
Summary of PLS analyses.

Path Beta t p

SD ! CR 0.278 6.896 0.000
RB ! IU 0.227 5.647 0.000
CR ! AR 0.240 3.777 0.000
IU ! AR 0.524 9.035 0.000
AR ! PI 0.139 2.455 0.014
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5.1.2. Test of the structural model and hypothesis testing
Fig. 4 and Table 5 graphically depict the PLS results, which show

the standardized path coefficients among the constructs and the R2

value for purchase intention. The bootstrap resampling method
(500 subsamples) determined the significance of the paths within
the structural model. The PLS analysis results in Fig. 4 show that all
the hypotheses are supported; thus the proposed theoretical
model in Fig. 2 is empirically supported. We hypothesized that
social distance would increase the credibility of reviews (H1) and
that review breadth would increase the information usefulness of
reviews (H2). The results of the PLS analysis proved that social
distance and review breadth produced positive effects on the
credibility of reviews and information usefulness, with path
coefficients of 0.278 (p < 0.01) and 0.247 (p < 0.01), respectively,
thus supporting H1 and H2.

We hypothesized that the credibility of reviews and informa-
tion usefulness would influence the adoption of reviews (H3, H4).
Credibility of reviews and information usefulness had significant
effects on the adoption of reviews with path coefficients of 0.240
(p < 0.01) and 0.524 (p < 0.01), respectively. Thus, H3 and H4 were
supported. Hypothesis 5 was also supported because the adoption
of reviews produced positive effects on the purchase intention.
However, the adoption of reviews explained only 1.9% of the
purchase intention. This is because the positive and negative
valences cancel each other so that positive and negative reviews
influence the purchase intention positively and negatively. Further
analysis of the moderating effect of review valence is shown in the
next section.
Table 6
Results of moderating effect test.

Full Sample Positive

b b 

Adoption of Reviews ! Purchase Intention 0.139 0.786 

Fig. 5. Result of positive review
5.1.3. Moderating effect of review valence
A supplementary analysis of the existence of the moderating

effects of review valence was performed. Moderator variables can
be either metric or categorical in nature. Group comparisons, i.e.,
comparisons of model estimates for different groups of observa-
tions, can be regarded as a special case of moderating effects [95].
Once the observations are grouped, the model with the direct
effects is estimated separately for each group of observations.
Differences in the model parameters between the different data
groups are interpreted as moderating effects [95]. To evaluate the
moderating effect of usage experience, the research model was
tested with the two subgroups of positive and negative reviews. As
shown in Table 6, in Figs. 5 and 6, two different influence patterns
are found for the two subgroups and reveal that review valence
(i.e., positive vs. negative) moderates the relationship between the
adoption of reviews and purchase intention.

The significance of difference in path coefficients between the
subgroups of positive and negative reviews was calculated using
the procedure described by Keil et al. (2000).

Spooled ¼ Npositive � 1ð Þ
Npositive þ Nnegative � 2ð Þ � SEpositive2

�

þ Nnegative � 1ð Þ
Npositive þ Nnegative � 2ð Þ � SEnegative2

�

t = ((PC Positive � PC Negative))/([Spooled � (1/(N positive + 1/(N
negative))))

where S pooled = pooled estimator for the variance
t = t-statistics with N positive + N negative � 2� of freedom
N = sample size of dataset for review valence
SE = standard error of path in structural model of review valence
PC = path coefficient in structural model of review valence

5.2. Results for Model 2

Model 2 investigated how perceived information discrepancy
and the deviance from a neutral experience affected travelers’
 Review Negative Review Difference Positive vs. Negative

b

�0.237 ***

 group’s structural model.



Fig. 6. Result of negative review group’s structural model.

Table 7
Descriptive statistics and correlations.

Variable Mean (S.D.) 1 2 3 4 5 6 7 8 9 10 11

Information discrepancy 3.29 (1.27) 1
Quality positive 4.77 (2.11) �0.37 1
Quality negative 0.34 (1.00) 0.22 �0.76 1
Age 3.30 (1.10) 0.06 �0.08 0.04 1
Job 6.09 (5.06) �0.11 0.07 0.03 �0.20 1
SNS usage 3.26 (1.09) 0.05 0.00 0.01 0.06 �0.02 1
WoM usage 5.61 (1.11) �0.07 0.18 �0.07 �0.06 �0.01 0.22 1
Info share online 2.27 (0.93) 0.13 �0.03 0.02 0.18 �0.18 0.52 0.22 1
Exp share online 2.46 (1.05) 0.10 �0.03 0.01 0.13 �0.14 0.57 0.13 0.74 1
Income 3.87 (1.22) �0.01 �0.03 0.02 0.40 �0.15 0.04 0.10 0.18 0.13 1
Education 2.17 (0.48) �0.08 0.01 0.03 0.00 �0.02 0.00 �0.02 0.14 0.09 0.19 1
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experience-sharing behavior on a smart tourism platform. Logistic
regression was used because the dependent variable is binary,
whether or not they shared their travel experiences on a smart
tourism platform. We divided the sample into positive and
negative experiences based on the valence of a shared experience.
Table 7 shows the descriptive statistics and correlations among
variables in the model. We controlled the demographic and
personal characteristics of respondents such as sex, age, income,
education, and job. In addition, we controlled respondents’ usage
of SNS and their normal use of WoM to clearly discern the
antecedents of experience sharing on a smart tourism platform.
Finally, respondents’ general pattern of sharing information and
experiences online were controlled so that we could rule out the
Table 8
The effect of information discrepancy on experience sharing on a smart tourism platfo

Information discrepancy 

Control variable
Sex 

Age 

SNS usage 

WoM usage 

Income 

Education 

Job 

Prior experience in sharing information online 

Prior experience in sharing experiences online 

Pseudo R2

LR x2

N 

Estimated standard errors are in parentheses. *p < 0.05; **p < 0.01; ***p < 0.001.
effects of their normal propensities to share their experiences on a
smart tourism platform.

In H6, we argued that as a perceived information discrepancy
increases, travelers are more prone to share their experiences on a
smart tourism platform. That is, either negatively or positively,
travelers want to regain balance by sharing their experiences. The
results showed that when travelers perceived their experiences as
negative, they were more likely to share their experiences through
a smart tourism platform, which is Airbnb in this experimental
setting (t = �2.02, p < 0.05). Similarly, when their quality of travel
experience was positive, they were more willing to share their
experiences (t = 3.47, p < 0.001). Thus, H6 is supported, which
argued that as information discrepancy increases, travelers share
their experience information on a smart tourism platform.
rm.

Positive experience Negative experience

0.3556 (0.1025)*** �0.9376 (0.4651)*

�0.0380 (0.2507) �0.1597 (0.9180)
0.2462 (0.1232)* �0.1701 (0.4751)
0.1472 (0.1449) 0.2556 (0.4047)
�0.1496 (0.1253) 0.0309 (0.3553)
�0.0353 (0.1134) 0.2098 (0.4746)
�0.0071 (0.2569) �0.8699 (1.0430)
�0.0210 (0.0255) 0.1987 (0.0891)*
1.2412 (0.2484)*** 0.4849 (0.5443)
�0.2729 (0.1877) 0.4350 (0.5447)
0.1802 0.2935

86.62*** 16.16
350 44



Table 9
The effect of travel experience quality on experience sharing on a smart tourism platform.

Positive experience Negative experience

Quality 0.3553 (0.1611)* �3.5151 (1.4733)*

Control variable
Sex �0.1246 (0.2471) 0.4454 (0.9816)
Age 0.2475 (0.1212)* �0.0684 (0.4844)
SNS usage 0.1210 (0.1435) 0.0203 (0.4449)
WoM usage �0.2302 (0.1219) �0.3923 (0.3726)
Income �0.0293 (0.1121) 1.5698 (0.7354)*
Education �0.1093 (0.2524) 0.2424 (1.0683)
Job �0.0363 (0.0250) 0.4247 (0.1571)**
Prior experience in sharing information online 1.3180 (0.2494)*** 0.2570 (0.6041)
Prior experience in sharing experiences online �0.2826 (0.1857) 1.1708 (0.7054)*

Pseudo R2 0.1644 0.3576

LR x2 79.00*** 19.68*
N 350 44

Estimated standard errors are in parentheses. *p < 0.05; **p < 0.01; ***p < 0.001.

Fig. 7. Graphical results of Model 2.

724 S.J. Bae et al. / Information & Management 54 (2017) 714–727
Finally, H7 was supported, showing that the quality of a travel
experience also affects travelers’ propensity to share experiences
on a smart tourism platform. When their travel quality was
negative, travelers tended to share their experiences more
(t = �2.39, p < 0.05). The result was the same when travelers rated
their travels positively (t = 2.21, p < 0.05). To summarize, whether
their experiences were positive or negative, travelers’ propensity
to share experiences on Airbnb increased. Tables 8 and 9
graphically depict the results of the logistic regression analyses
of Model 2 and Fig. 7. As shown in Fig. 7, the absolute value of
coefficients was greater when the travel experience was negative.
This result indicates that a negative travel experience strongly
outweighs a positive experience in its effect on travelers’
propensities to share their experiences on a smart tourism
platform.

6. Discussion

This study examined how travelers in the pretrip phase make
their purchase decisions on a smart tourism platform on the basis
of the experiences shared by others. Moreover, after their travels,
we investigated how the quality of their travel experience and
perceived information discrepancy affected their behavior in
sharing their experience in the posttrip phase. The results of this
study contribute to smart tourism research through its managerial
implications on how firms should manage the flow of travelers’
experience information and design smart tourism platforms to
enhance travelers’ purchasing and the growth of interactive
platforms. This study also suggests a theoretical framework to
explain how travelers make their decisions on a smart tourism
platform by interacting with other travelers during phases of
travelers’ experiences within the perspective of information-
processing theory.

All hypotheses were supported empirically. In the pretrip
phase, social distance influences the credibility of shared
experiences on a smart tourism platform by reducing the
equivocality that travelers face in discerning information that is
appropriate for them. As social distance lessens, users perceive
shared reviews as trustworthy. Further analysis showed that
Facebook friends and indirect Facebook friends have the same
effect on the credibility of reviews (see Appendix B). Furthermore,
breadth of shared experiences positively influenced information
usefulness by decreasing uncertainty. That is, various information
coupled with core information (which was lodging information in
this context) made travelers think that the experience information
was useful in their decision-making. Then, the credibility of shared
experiences and information usefulness both positively affected
the adoption of reviews by travelers. In turn, this adoption led to
increased purchase intention. We conducted additional analysis to
learn how review valence affects travelers’ purchase intentions.
Positive reviews increase the purchase intention but negative
reviews decrease it. Thus, these two different effects are canceled
out in a full sample.

In the posttrip phase, we investigated the effect of perceived
information discrepancy and the quality of experience on travelers’
propensity to share their experiences. The results indicated that as
perceived information discrepancy increases, travelers are more
prone to share their experience without regard to whether it was
negative or positive. Similarly, travelers were more likely to share
their experiences when the quality of their experiences deviated
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from neutral. These two results explain that as travel experiences
go to an extreme in either direction (positive or negative), travelers
tend to share their experiences.

The results of this paper have a theoretical implication in the
explanation of how experiences shared on a smart tourism
platform affect travelers’ decision-making in accordance with
the sequence of tourists’ experience. By facilitating tourists’
information processing that in turn enhances their problem-
solving skills, social distance from the reviewer and breadth of
shared experience on a smart tourism platform decrease the
equivocality and uncertainty that tourists face. Furthermore, this
study has managerial implications as well. There is a growing need
for firms to manage huge amounts of information shared by their
users through smart tourism platforms. Because user participation
in sharing travel experiences is a core component within the STE, it
is necessary for firms to design an interactive platform to increase
the community, to enhance travelers’ experiences, and to increase
their purchases. The results of this study indicate that the
presentation of reviews shared by direct and indirect friends
positively affects travelers’ adoption of reviews and increases their
purchases. Thus, firms should first show shared experiences by
users’ direct and indirect friends in a platform based on the social
network data they gathered. Moreover, specific guidelines are
crucial for those travelers who want to share their experiences. For
instance, when firms design an interactive platform, they can
divide a review into sections, including housing, nearby restau-
rants, transportation, and impression of hosts rather than relying
on users’ discretion and initiative. Then, other travelers will adopt
these reviews, thus increasing the likelihood that they will make
purchases.

Moreover, to facilitate the growth of the user community in
smart tourism, we suggest implementing two implications drawn
from our second research model. Although both negative and
positive experiences increase sharing of experiences, sharing of
negative experiences is undesirable because it would negatively
affect the purchase intention. Thus, the most important thing is to
ensure to the fullest extent possible that travelers have a positive
experience. In this effort, firms such as Airbnb can collaborate with
other firms in the smart tourism field (e.g., smart destinations) to
synchronize travel experiences. Furthermore, firms should try to
decrease negative information discrepancies while increasing
positive information discrepancies. Although our research did not
capture the direction of the discrepancy, our results showed that
“an unexpected thing” increases travelers’ willingness to share
their experiences, thus leading to the growth of the community on
a smart tourism platform.

Several limitations need to be considered when interpreting the
results of this research. First, we did not take into account whether
the direction of an information discrepancy is positive or negative.
Thus, it is unknown whether the reviews that travelers would like
to share are positive or negative. Second, we did not capture the
experiential phase of traveling. In smart tourism, interaction
between travelers and a smart tourism platform occurs simulta-
neously as they travel. Then, a comparison of shared experience
and actual experience occurs as travelers evaluate their experience
and assess their level of satisfaction. However, because of the
constraints of our research design, we had respondents reflect on
their previous travels and make decisions on sharing their
experiences.

In future research, it would be meaningful to capture the
specific context of information discrepancies. This effort would
yield detailed information that can be used to figure out the effect
on sharing behaviors of travelers. Similarly, it is necessary to gain
hard data regarding the target, review valence, and breadth of
experiences travelers are going to share after they decide to share
their experiences. The effect of price on the experience sharing
suggested by Giannakos et al. [94] is another area we can pursue in
future research.
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Appendix A. Questionnaires.

Construct: Credibility of Reviews

CR1: This accommodation review is likely reliable.
CR2: This accommodation review is likely truthful.
CR3: This accommodation review is likely credible.

Strongly Disagree 1 2 3 4 5 6 7 Strongly Agree

Construct: Information Usefulness
IU1: The information in this accommodation review is informative.
IU2: The information in this accommodation review is valuable.
IU3: The information in this accommodation review is helpful.

Strongly Disagree 1 2 3 4 5 6 7 Strongly Agree

Construct: Adoption of Reviews
AR1: After reading this accommodation review, my opinion about this facility
became firmer.

AR2: After reading this accommodation review, I can easily decide whether to
stay in this facility.

AR3: After reading this accommodation review, it is easier to decide whether to
stay in this facility.
Strongly Disagree 1 2 3 4 5 6 7 Strongly Agree

Construct: Purchase Intention
How likely would you be to stay at this accommodation?
PI1: Unlikely 1 2 3 4 5 6 7 Likely
PI2: Improbably 1 2 3 4 5 6 7 Probably
PI3: Uncertain 1 2 3 4 5 6 7 Certain
PI4: Definitely Not 1 2 3 4 5 6 7 Definitely

Construct: Involvement
Please rate the process of choosing your accommodation:
IV1: Very unimportant decision/very important decision
IV2: Decision requires little thought/decision requires a lot of thought
IV3: Little to lose if I choose the wrong one/a lot to lose if I choose the wrong one

Construct: Propensity to Trust
PT1: It is easy for me to trust an accommodation review.
PT2: My tendency to trust an accommodation review is high.
PT3: I tend to trust an accommodation review, even though I have little
knowledge of it.

PT4: Trusting an accommodation review is not difficult.
Strongly Disagree 1 2 3 4 5 6 7 Strongly Agree

Construct: Perceived Information Discrepancy
ID1: How much difference do you feel in judging the location of the
accommodation when you compare the real experience and the Airbnb
accommodation review?

ID2: How much difference do you feel in judging the safety of the
accommodation when you compare the real experience and the Airbnb
accommodation review?

ID3: How much difference do you feel in judging the services/staff of the
accommodation when you compare the real experience and the Airbnb
accommodation review?

ID4: How much difference do you feel in judging the condition of the facility of
the accommodation when you compare the real experience and the Airbnb
accommodation review?

ID5: How much difference do you feel in judging the room cleanliness of the
accommodation when you compare the real experience and the Airbnb
accommodation review?

ID6: How much difference do you feel in judging the overall experience of the
accommodation when you compare the real experience and the Airbnb
accommodation review?
Rarely Different 1 2 3 4 5 6 7 Very Different

Construct: Quality of Actual Experience
QE1: My accommodation experience was enjoyable.
QE2: The staff (or owner) of the accommodation was friendly.
QE3: My accommodation experience was something new.
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QE4: My accommodation experience was comfortable.
QE5: My accommodation experience was safe.
QE6: My accommodation experience was informative.

Strongly Disagree 1 2 3 4 5 6 7 Strongly Agree

Appendix B. Further analysis for effect of social distance on the
credibility of reviews.

Social Distance Mean SD N Subgroup at significance of 0.05 (Duncan
test)

Group 1 Group 2

Stranger 4.39 1.10 138 O
Indirect friend 5.32 1.07 134 O
Direct friend 5.18 1.07 139 O
References

[1] C. Cox, S. Burgess, C. Sellitto, J. Buultjens, The role of user-generated content in
tourists’ travel planning behavior, J. Hosp. Market. Manage.18 (2009) 743–764.

[2] S. Senecal, J. Nantel, The influence of online product recommendations on
consumers’ online choices, J. Retail. 80 (2) (2004) 159–169.

[3] Z. Xiang, V.P. Magnini, D.R. Fesenmaier, Information technology and consumer
behavior in travel and tourism: insights from travel planning using the
internet, J. Retail. Consumer Serv. 22 (2015) 244–249.

[4] P. O’Connor, User-generated content and travel: a case study on Tripadvisor.
com, Inf. Commun. Technol. Tour. (2008) 47–58.

[5] C. Ip, R. Law, H.A. Lee, A review of website evaluation studies in the tourism and
hospitality fields from 1996 to 2009, Int. J. Tour. Res. 13 (2011) 234–265.

[6] I.P. Tussyadiah, D.R. Fesenmaier, Mediating tourist experiences: access to
places via shared videos, Ann. Tour. Res. 36 (2009) 24–40.

[7] D. Wang, X.R. Li, Y. Li, China’s smart tourism destination initiative: a taste of the
service-dominant logic, J. Dest. Market. Manage. 2 (2) (2013) 59–61.

[8] T. Bakıcı, E. Almirall, J. Wareham, A smart city initiative: the case of Barcelona,
J. Knowl. Econ. 4 (2013) 135–148.

[9] R.L. Daft, R.H. Lengel, Organizational information requirements, media
richness and structural design, Manage. Sci. 32 (1986) 554–571.

[10] R.L. Daft, R.H. Lengel, Information richness, A New Approach to Managerial
Behavior and Organization Design, DTIC Document, 1983.

[11] A. Newell, H.A. Simon, Human Problem Solving, Prentice-Hall, Englewood
Cliffs NJ, 1972.

[12] G.A. Miller, F.C. Frick, Statistical behavioristics and sequences of responses,
Psychol. Rev. 56 (6) (1949) 311.

[13] R.L. Daft, N.B. Macintosh, A tentative exploration into the amount and
equivocality of information processing in organizational work units, Adm. Sci.
Q. (1981) 207–224.

[14] K.E. Weick, Educational organizations as loosely coupled systems, Adm. Sci. Q.
(1976) 1–19.

[15] M.L. Tushman, Technical communication in R & D laboratories: the impact of
project work characteristics, Acad. Manage. J. 21 (4) (1978) 624–645.

[16] J.R. Galbraith, Designing Complex Organizations, Addison-Wesley Longman
Publishing Co Inc., 1973.

[17] J.R. Galbraith, Organization Design, Addison Wesley Publishing Company,
1977.

[18] C.I. Ho, M.H. Lin, H.M. Chen, Web users’ behavioural patterns of tourism
information search: from online to offline, Tour. Manage. 33 (6) (2012) 1468–
1482.

[19] A. Papathanassis, F. Knolle, Exploring the adoption and processing of online
holiday reviews: a grounded theory approach, Tour. Manage. 32 (2011) 215–
224.

[20] D.E. Boyd, K.D. Bahn, When do large product assortments benefit consumers?
An information-processing perspective, J. Retail. 85 (2009) 288–297.

[21] M.L. Tushman, D.A. Nadler, Information processing as an integrating concept in
organizational design, Acad. Manage. Rev. 3 (3) (1978) 613–624.

[22] M. Song, H. Van Der Bij, M. Weggeman, Determinants of the level of knowledge
application: a knowledge-based and information-processing perspective, J.
Product Innov. Manage. 22 (5) (2005) 430–444.

[23] P. Gupta, J. Harris, How e-WOM recommendations influence product
consideration and quality of choice: a motivation to process information
perspective, J. Bus. Res. 63 (2010) 1041–1049.

[24] C.M. Cheung, D.R. Thadani, The impact of electronic word-of-mouth
communication: a literature analysis and integrative model, Decis. Support
Syst. 54 (2012) 461–470.

[25] R. Ladhari, M. Michaud, eWOM effects on hotel booking intentions, attitudes,
trust, and website perceptions, Int. J. Hosp. Manage. 46 (2015) 36–45.
[26] H. Lee, E. Reid, W.G. Kim, Understanding knowledge sharing in online travel
communities: antecedents and the moderating effects of interaction modes, J.
Hosp. Tour. Res. 38 (2012) 222–242.

[27] M.Y. Cheung, C. Luo, C.L. Sia, H. Chen, Credibility of electronic word-of-mouth:
informational and normative determinants of on-line consumer
recommendations, Int. J. Electron. Commerce 13 (2009) 9–38.

[28] P. Huang, N.H. Lurie, S. Mitra, Searching for experience on the web: an
empirical examination of consumer behavior for search and experience goods,
J. Market. 73 (2009) 55–69.

[29] D.-H. Park, J. Lee, eWOM overload and its effect on consumer behavioral
intention depending on consumer involvement, Electron. Commerce Res.
Appl. 7 (2009) 386–398.

[30] M. Lee, S. Youn, Electronic word of mouth (eWOM) How eWOM platforms
influence consumer product judgement, Int. J. Advert. 28 (3) (2009) 473–499.

[31] S. Sen, D. Lerman, Why are you telling me this? An examination into negative
consumer reviews on the web, J. Interact. Market. 21 (2007) 76–94.

[32] D.-H. Park, S. Kim, The effects of consumer knowledge on message processing
of electronic word-of-mouth via online consumer reviews, Electron.
Commerce Res. Appl. 7 (2009) 399–410.

[33] J.H. Huang, Y.F. Chen, Herding in online product choice, Psychol. Market. 23
(2006) 413–428.

[34] E.M. Steffes, L.E. Burgee, Social ties and online word of mouth, Internet Res. 19
(2009) 42–59.

[35] B. Bickart, R.M. Schindler, Internet forums as influential sources of consumer
information, J. Interact. Market. 15 (2001) 31–40.

[36] U. Gretzel, M. Sigala, Z. Xiang, C. Koo, Smart tourism: foundations and
developments, Electron. Markets 25 (2015) 179–188.

[37] W.C. Hunter, N. Chung, U. Gretzel, C. Koo, Constructivist research in smart
tourism, Asia Pac. J. Inf. Syst. 25 (2015) 105–120.

[38] S.L. Vargo, R.F. Lusch, Service-dominant logic: continuing the evolution, J.
Acad. Market. Sci. 36 (2008) 1–10.

[39] U. Gretzel, H. Werthner, C. Koo, C. Lamsfus, Conceptual foundations for
understanding smart tourism ecosystems, Comput. Hum. Behav. 50 (2015)
558–563.

[40] T. Chen, J. Drennan, L. Andrews, Experience sharing, J. Market. Manage. 28 (13–
14) (2012) 1535–1552.

[41] C.K. Prahalad, V. Ramaswamy, Co-creation experiences: the next practice in
value creation, J. Interact. Market. 18 (3) (2004) 5–14.

[42] C.K. Prahalad, The cocreation of value, J. Market. 68 (1) (2004) 23.
[43] Z. Xiang, U. Gretzel, Role of social media in online travel information search,

Tour. Manage. 31 (2010) 179–188.
[44] S.I. Stewart, C.A. Vogt, A case-based approach to understanding vacation

planning, Leisure Sci. 21 (1999) 79–95.
[45] N. Kumar, I. Benbasat, Research note: the influence of recommendations and

consumer reviews on evaluations of websites, Inf. Syst. Res. 17 (2006) 425–
439.

[46] R.M. Schindler, B. Bickart, Perceived helpfulness of online consumer reviews:
the role of message content and style, J. Consum. Behav. 11 (2012) 234–243.

[47] A.R. Andreasen, Attitudes and customer behavior: a decision model, New
Research in Marketing, California Institute of Business and Economics
Research, University of California, 1965.

[48] M.C. Gilly, J.L. Graham, M.F. Wolfinbarger, L.J. Yale, A dyadic study of
interpersonal information search, J. Acad. Market. Sci. 26 (1998) 83–100.

[49] H. Tajfel, J.C. Turner, The Social Identity Theory of Intergroup Behavior, (2004) .
[50] M.A. Hogg, D.I. Terry, Social identity and self-categorization processes in

organizational contexts, Acad. Manage. Rev. 25 (1) (2000) 121–140.
[51] L.M. Shore, J.N. Cleveland, C.B. Goldberg, Work attitudes and decisions as a

function of manager age and employee age, J. Appl. Psychol. 88 (3) (2003) 529.
[52] L.L. Price, L.F. Feick, The role of interpersonal sources in external search: an

informational perspective, Adv. Consum. Res. 11 (1) (1984).
[53] J.J. Brown, P.H. Reingen, Social ties and word-of-mouth referral behavior, J.

Consum. Res. (1987) 350–362.
[54] S.-K. Lo, T. Lie, Selection of communication technologies—a perspective based

on information richness theory and trust, Technovation 28 (3) (2008) 146–153.
[55] P.M. Doney, J.P. Cannon, An examination of the nature of trust in buyer-seller

relationships, J. Market. (1997) 35–51.
[56] S.L. Jarvenpaa, N. Tractinsky, L. Saarinen, Consumer trust in an internet store: a

cross-cultural validation, J. Comput. Mediated Commun. 5 (2) (1999) (0-0).
[57] E.J. Johnson, J.W. Payne, Effort and accuracy in choice, Manage. Sci. 31 (1985)

395–414.
[58] S.M. Mudambi, D. Schuff, What makes a helpful review? A study of customer

reviews on Amazon. com, MIS Q. 34 (1) (2010) 185–200.
[59] L.J. Harrison-Walker, The measurement of word-of-mouth communication

and an investigation of service quality and customer commitment as potential
antecedents, J. Serv. Res. 4 (2001) 60–75.

[60] R.L. Nabi, A. Hendriks, The persuasive effect of host and audience reaction
shots in television talk shows, J. Commun. 53 (2003) 527–543.

[61] S. Tseng, B. Fogg, Credibility and computing technology, Commun. ACM 42
(1999) 39–44.

[62] F.D. Davis, Perceived usefulness, perceived ease of use, and user acceptance of
information technology, MIS Q. (1989) 319–340.

[63] S.W. Sussman, W.S. Siegal, Informational influence in organizations: an
integrated approach to knowledge adoption, Inf. Syst. Res. 14 (2003) 47–65.

[64] R.L. Schultz, D.P. Slevin, Implementation and organizational validity: an
empirical investigation, Institute for Research in the Behavioral, Economic, and
Management Sciences, Purdue University, 1973.

http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0005
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0005
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0010
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0010
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0015
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0015
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0015
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0020
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0020
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0025
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0025
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0030
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0030
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0035
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0035
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0040
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0040
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0045
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0045
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0050
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0050
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0055
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0055
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0060
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0060
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0065
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0065
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0065
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0070
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0070
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0075
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0075
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0080
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0080
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0085
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0085
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0090
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0090
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0090
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0095
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0095
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0095
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0100
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0100
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0105
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0105
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0110
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0110
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0110
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0115
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0115
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0115
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0120
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0120
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0120
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0125
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0125
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0130
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0130
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0130
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0135
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0135
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0135
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0140
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0140
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0140
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0145
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0145
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0145
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0150
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0150
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0155
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0155
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0160
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0160
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0160
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0165
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0165
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0170
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0170
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0175
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0175
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0180
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0180
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0185
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0185
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0190
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0190
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0195
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0195
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0195
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0200
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0200
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0205
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0205
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0210
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0215
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0215
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0220
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0220
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0225
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0225
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0225
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0230
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0230
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0235
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0235
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0235
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0240
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0240
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0245
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0250
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0250
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0255
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0255
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0260
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0260
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0265
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0265
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0270
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0270
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0275
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0275
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0280
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0280
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0285
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0285
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0290
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0290
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0295
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0295
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0295
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0300
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0300
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0305
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0305
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0310
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0310
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0315
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0315
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0320
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0320
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0320


S.J. Bae et al. / Information & Management 54 (2017) 714–727 727
[65] D. Mayzlin, J.A. Chevalier, The Effect of Word of Mouth on Sales: Online Book
Reviews, Yale School of Management, 2003.

[66] I.E. Vermeulen, D. Seegers, Tried and tested: the impact of online hotel reviews
on consumer consideration, Tour. Manage 30 (2009) 123–127.

[67] S. Basuroy, S. Chatterjee, S.A. Ravid, How critical are critical reviews? The box
office effects of film critics, star power, and budgets, J. Market. 67 (2003) 103–
117.

[68] S.J. Hoch, J. Deighton, Managing what consumers learn from experience, J.
Market. (1989) 1–20.

[69] T. Hennig-Thurau, K.P. Gwinner, G. Walsh, D.D. Gremler, Electronic word-of-
mouth via consumer-opinion platforms: what motivates consumers to
articulate themselves on the Internet? J. Interact. Market. 18 (1) (2004) 38–52.

[70] D.S. Sundaram, K. Mitra, C. Webster, Word-of-mouth communications: a
motivational analysis, Adv. Consumer Res. 25 (1) (1998).

[71] E. Dichter, How word-of-mouth advertising works, Harv. Bus. Rev. 44 (6)
(1966) 147–160.

[72] M.D. Alicke, J.C. Braun, J.E. Glor, M.L. Klotz, J. Magee, H. Sederhoim, R. Siegel,
Complaining behavior in social interaction, Pers. Soc. Psychol. Bull. 18 (1992)
286–295.

[73] L. Berkowitz, Experimental investigations of hostility catharsis, J. Consult. Clin.
Psychol. 35 (1) (1970) 1 (p1).

[74] A. Bhattacherjee, Understanding information systems continuance: an
expectation-confirmation model, MIS Q. (2001) 351–370.

[75] J.F. Petrick, The roles of quality, value, and satisfaction in predicting cruise
passengers’ behavioral intentions, J. Travel Res. 42 (2004) 397–407.

[76] S. Shoemaker, R.C. Lewis, Customer loyalty: the future of hospitality
marketing, Int. J. Hosp. Manage. 18 (1999) 345–370.

[77] C.-F. Chen, D. Tsai, How destination image and evaluative factors affect
behavioral intentions? Tour. Manage. 28 (2007) 1115–1122.

[78] C.-F. Chen, F.-S. Chen, Experience quality, perceived value, satisfaction and
behavioral intentions for heritage tourists, Tour. Manage. 31 (2010) 29–35.

[79] J.F. Engel, R. Blackwell, P.W. Miniard, Understanding the Consumer, ESCO
Public Relations for FD’s, 1993, pp. 1–9.

[80] P.A. Pavlou, A. Dimoka, The nature and role of feedback text comments in
online marketplaces: implications for trust building, price premiums, and
seller differentiation, Inf. Syst. Res. 17 (2006) 392–414.

[81] W.O. Bearden, D.R. Lichtenstein, J.E. Teel, Comparison price, coupon, and brand
effects on consumer reactions to retail newspaper advertisements, J. Retail. 60
(2) (1984) 11–34.

[82] M. Koufaris, W. Hampton-Sosa, The development of initial trust in an online
company by new customers, Inf. Manage. 41 (2004) 377–397.

[83] K.-S. Suh, I. Benbasat, E.-K. Suh, The impact of listing location on visits, bids,
and final prices in online auctions: a field experiment, Int. J. Electron.
Commerce 17 (2013) 87–108.

[84] K.A. Bollen, Multiple indicators: internal consistency or no necessary
relationship? Qual. Quant. 18 (1984) 377–385.

[85] K.-S. Suh, Y.E. Lee, The effects of virtual reality on consumer learning: an
empirical investigation, Mis Q. (2005) 673–697.

[86] K.-S. Suh, S. Chang, User interfaces and consumer perceptions of online stores:
the role of telepresence, Behav. Inf. Technol. 25 (2006) 99–113.

[87] J. Kim Lian Chan, T. Baum, Motivation factors of ecotourists in ecolodge
accommodation: the push and pull factors, Asia Pac. J. Tour. Res. 12 (2007)
349–364.
[88] D. Barclay, C. Higgins, R. Thompson, The partial least squares (PLS) approach to
causal modeling: personal computer adoption and use as an illustration,
Technol. Stud. 2:2 (1995) 285–309.

[89] X. Hu, Z. Lin, A.B. Whinston, H. Zhang, Hope or hype: on the viability of escrow
services as trusted third parties in online auction environments, Inf. Syst. Res.
15 (2004) 236–249.

[90] C. Fornell, D.F. Larcker, Evaluating structural equation models with
unobservable variables and measurement error, J. Market. Res. (1981) 39–50.

[91] C.W. Wynne, Issues and opinion on structural equation modelling, Manage. Inf.
Syst. Q. 22 (1) (1998) 1–8.

[92] D. Gefen, D. Straub, M.-C. Boudreau, Structural equation modeling and
regression: guidelines for research practice, Commun. Assoc. Inf. Syst. 4 (1)
(2000) 7.

[93] D. Straub, M.-C. Boudreau, D. Gefen, Validation guidelines for IS positivist
research, Commun. Assoc. Inf. Syst. 13 (1) (2004) 63.

[94] M.N. Giannakos, I.O. Pappas, P. Mikalef, Absolute price as a determinant of
perceived service quality in hotels: a qualitative analysis of online customer
reviews, Int. J. Hosp. Event Manage. 1 (2014) 62–80.

[95] J. Henseler, G. Fassott, Testing Moderating Effects in PLS path Models: An
Illustration of Available Procedures: Handbook of Partial Least Squares,
Springer, 2010, pp. 713–736.

Sung Joo Bae joined Yonsei University in 2010 after working for The University of
Hong Kong as an Assistant Professor. Dr. Bae finished his doctoral study on
technological innovation and entrepreneurship at MIT Sloan School of Manage-
ment. He published research articles in Journal of Consumer Psychology,
Technology Forecasting and Social Change, and International Journal of Production
Economics.

Hyeonsuh Lee received her Master’s degree at Yonsei University School of Business.
She joined Ph.D. program as a doctoral student at University of Illinois Urbana-
Champaign on Strategy & Entrepreneurship concentration in 2016.

Eung-Kyo Suh received his Ph.D. at Yonsei University School of Business, focusing
on MIS. He currently is a faculty member at Dankook University in Korea. He
published his research articles in MIS journals such as MIS Quarterly and
International Journal of Electronic Commerce.

Kil-Soo Suh is a professor of Information Systems at Yonsei University, Seoul, Korea.
He holds a Ph.D. in Management Information Systems from the Kelley School of
Business at Indiana University. His research interests are in the areas of interface
design for electronic commerce, communication media, virtual reality and ethical
challenges of information technologies. His work has been published in various
journals including Behaviour and IT, Decision Support Systems, Information and
Management, Information Systems Research, International Journal of Electronic
Commerce, and MIS Quarterly.

http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0325
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0325
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0330
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0330
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0335
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0335
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0335
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0340
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0340
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0345
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0345
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0345
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0350
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0350
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0355
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0355
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0360
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0360
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0360
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0365
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0365
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0370
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0370
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0375
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0375
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0380
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0380
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0385
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0385
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0390
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0390
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0395
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0395
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0400
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0400
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0400
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0405
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0405
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0405
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0410
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0410
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0415
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0415
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0415
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0420
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0420
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0425
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0425
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0430
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0430
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0435
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0435
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0435
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0440
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0440
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0440
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0445
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0445
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0445
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0450
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0450
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0455
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0455
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0460
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0460
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0460
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0465
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0465
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0470
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0470
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0470
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0475
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0475
http://refhub.elsevier.com/S0378-7206(16)30434-7/sbref0475

	Shared experience in pretrip and experience sharing in posttrip: A survey of Airbnb users
	1 Introduction
	2 Theoretical framework
	2.1 Smart tourism platform using an information-processing perspective
	2.2 Smart tourism and electronic word-of-mouth
	2.3 Tourists’ experience sharing in smart tourism
	2.4 The flow of information in tourists’ experiences

	3 Research model and hypotheses
	3.1 Model 1-decision-making based on shared experiences
	3.2 Model 2-decision-making on sharing experiences

	4 Methodology
	4.1 Participants
	4.2 Experiment design for research Model 1
	4.3 Survey for research Model 2

	5 Results
	5.1 Results for Model 1
	5.1.1 Test of the measurement model
	5.1.2 Test of the structural model and hypothesis testing
	5.1.3 Moderating effect of review valence

	5.2 Results for Model 2

	6 Discussion
	Acknowledgement
	Appendix A Questionnaires.
	Appendix B Further analysis for effect of social distance on the credibility of reviews.
	References


